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Research
Interests

Signal Processing, Optimization, Machine Learning

Education University of California, Los Angeles, Los Angeles
Ph.D. in Electrical and Computer Engineering 2014 – 2019
• Advisor: Professor Ali H. Sayed

University of Science and Technology of China, Hefei
M.S. in Electrical Engineering 2011 – 2014

Xidian University, Xi’an
B.E. in Electrical Engineering 2007 – 2011

Academic
Awards

IEEE CloudCom Distinguished Paper Award 2025

IEEE Signal Processing Society Young Author Best Paper Award 2018
One of the most prestigious awards in the signal processing society

Distinguished Paper Award in ICCM 2017 2017

Experience Peking University, Beijing, P. R. China
Assistant Professor Nov. 2022 – Now

DAMO Academy, Alibaba (US) Group, Bellevue, USA
Research Scientist Aug. 2019 – Oct. 2022

Microsoft Research, Redmond, USA
Research Intern Jun. 2018 – Sep. 2018

École Polytechnique Fédérale de Lausanne (EPFL), Lausanne, Switzerland
Visiting Researcher Jan. 2018 – Jun. 2018
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Decentralized Learning”, IEEE Transactions on Signal Processing, 2022.

L. Cassano, K. Yuan, and A. H. Sayed. “Multiagent fully decentralized value function learning with
linear convergence rates”, IEEE Transactions on Automatic Control, 2020.

S. A. Alghunaim, E. K. Ryu, K. Yuan, and A. H. Sayed. “Decentralized Proximal Gradient Algo-
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On-Device Intelligence”, IEEE Transactions on Signal Processing, 2018.

B. Ying, K. Yuan, and A. H. Sayed. “Supervised Learning under Distributed Features”, IEEE
Transactions on Signal Processing, 2018.

K. Yuan, B. Ying, X. Zhao, A. H. Sayed, “Exact Diffusion for Distributed Optimization and Learning
– Part I: Algorithm Development”, IEEE Transactions on Signal Processing, 2018.
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– Part II: Convergence Analysis”, IEEE Transactions on Signal Processing, 2018.
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K. Yuan, Q. Ling, and W. Yin, “On the Convergence of Decentralized Gradient Descent”, SIAM
Journal on Optimization, 2016.
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Event Detection”, International Journal of Sensor Networks, 2015.
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less Sensor Networks”, IEEE Transactions on Parallel and Distributed Systems, 2014.
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Language Models with Low-Rank Structures”, International Conference on Learning Representations
(ICLR), 2025.
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(NeurIPS), 2022.
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erated Learning”, The IEEE International Conference on Acoustics, Speech, and Signal Processing
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Z. Hou, M. Qin, F. Sun, X. Ma, K. Yuan, Y. Xu, Y.-K. Chen, R. Jin, Y. Xie, and S.-Y. Kung,
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Pattern Recognition Conference (CVPR), 2022.
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on Learning Representations (ICLR), 2022.

K. Yuan, Y. Chen, X. Huang, Y. Zhang, P. Pan, Y. Xu, and W. Yin, “DecentLaM: Decentralized
Momentum SGD for Large-batch Deep Training”, International Conference on Computer Vision
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under Without-replacement Sampling Orders”, Neural Information Processing Systems (NeurIPS),
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B. Ying, K. Yuan, Y. Chen, H. Hu, P. Pan, W. Yin, “Exponential Graph is Provably Efficient for
Decentralized Deep Training”, Neural Information Processing Systems (NeurIPS), 2021.

Y. Chen, K. Yuan, Y. Zhang, P. Pan, Y. Xu, and W. Yin, “Accelerating Gossip SGD with Periodic
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S. A. Alghunaim, K. Yuan, and A. H. Sayed, “Dual Coupled Diffusion for Distributed Optimization
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B. Ying, K. Yuan, and A. H. Sayed, “Online Dual Coordinate Ascent Learning”, European Signal
Processing Conference (EUSIPCO), 2016.
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Software MindOpt: An Industrial-Level Optimization Solver Suite Aug. 2019 – Oct. 2022

MindOpt is an industrial-level solver suite for mathematical optimization problems. It is indepen-
dently developed by Decision Intelligence Lab, Alibaba DAMO Academy. It provides linear, nonlin-
ear, and integer programming solutions to users. MindOpt linear programming is among the fastest
solvers worldwide. [[official website]]

• Main contributer to the first-order optimization algorithms in MindOpt; built first-order op-
timization modules that help MindOpt Simplex solver break the world record and top the
prestigious Mittelmann benchmark list in December 2020. [[Benchmark list]] [[News]]

• Main contributer to the Parallel Interior Point Method in MindOpt.

https://tianchi.aliyun.com/mindopt
http://plato.asu.edu/ftp/lpsimp.html
https://www.tmtpost.com/nictation/4883907.html


BlueFog: A Decentralized Framework for Optimization and Deep Learning 2021

Decentralized optimization algorithms are low-communication-overhead alternatives to traditional
distributed algorithms using a center to conduct global average. However, the lack of an easy-to-use
and efficient software package has kept most decentralized algorithms merely on paper. BlueFog is the
first python library for straightforward, high-performance implementations of diverse decentralized
algorithms. It is open source at https://github.com/Bluefog-Lib. BlueFog was invited to give
keynote lectures in the US East Coast Optimization Meeting 2021 and China Symposium on Machine
Learning 2020.

• Main contributer to the development of decentralized algorithms utilized in BlueFog.
• Main contributor to the tutorial for BlueFog.

Teaching PKU Optimization in Deep Learning Fall 2024
PKU Introductions to Large Language Models Spring 2024
PKU Optimization in Deep Learning Fall 2023

https://github.com/Bluefog-Lib

